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Introduction 

Main Experimental Results on Two Public Pathology Datasets: PCam and MHIST

➢ Quantitative results on the hold-out test set of PCam.
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➢ Quantitative results on the hold-out test set of MHIST.

➢ Performance and Complexity comparison on PCam.

➢ CLIP has shown its strong transferability
○ It was pre-trained on 400M image-text pairs
○ It shows promising zero-shot ability 

➢ Adaptation of CLIP in downstream tasks 
○ Full-model fine-tuning

■ Time-consuming, require heavy computes 
■ Not scalable for multiple tasks 

○ Adapter-based fine-tuning 
■ Freeze the whole network 
■ Design a specific layer and only train it 
■ Simple and scalable 
■ Learning ability may be limited 

➢ CLIP zero-shot inference

Methodology 

➢ CLIP Residual Feature Connection (RFC)
○  Preserve pre-trained knowledge 
○  Learn new knowledge 
○  𝛼: residual ratio to balance the above knowledge

➢ Contrastive Loss
○  Keep contrastive loss in tuning 
○  Preserve the pre-training 

properties   

➢ An overview of the proposed architecture.     
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